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Development of AiCorb to Streamline the Early Stages of Architectural Design Process

Takuma Nakabayashi  Yoshito Tsuji

Abstract

In the early stages of an architectural design process, architects need to present multiple design proposals
to clients to build consensus. However, creating a design proposal is a time-consuming and labor-intensive
process. To streamline this process, we developed AiCorb, an Artificial Intelligence-based (Al) technology that
automatically generates multiple facade designs. AiCorb is composed of two Als: the first Al generates various
facade images from sketches, and the second Al reflects the facade features from an input facade image to 3D
models. In this study, we showed that recognition accuracy can be improved by adding synthesized images to
training data. Additionally, we confirmed that AiCorb can efficiently generate facade designs and 3D models.
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Concept Diagram of Architectural Design Workflow using AiCorb
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Example of Image Processing
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