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Training Large Language Model Specialized for Construction
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Abstract

The use of Al powered by large language models (LLMs) to boost productivity through knowledge
application is highly anticipated in the construction industry. However, general-purpose LLMs often lack
specialized construction knowledge, resulting in incorrect answers and hallucinations. To overcome this problem,
we develop a construction-domain-specific LLM. We collected 37.5 billion Japanese characters from
construction-related documents and Web data to create a dataset rich in domain knowledge. Using this dataset,
we continually pretrained an existing LLM to tailor it for construction applications. This report outlines our
dataset creation and LLM training methods and discusses how our construction-specific LLM can support tasks
such as planning and safety instructions, as well as its potential for future multi-modal applications in the

industry.
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